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e Linked Open Data (LOD) contains >1,000 datasets with 130 billion triples and more than 500M
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e Emerging Applications in life sciences, decentralized social networks, and Internet of Things
need to integrate data from multiple RDF datasets via SPARQL queries.
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e Existing RDF systems have been proposed to support a small number of data sources by utiliz-
ing schema information.
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e Objective: decompose queries to avoid unnecessary data communication and inefficient com- Decentralized graphs for two universities man-

Adaptive Planning and Parallel Execution (SAPE)
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e Cost model delays subqueries expected to re-
turn large results.

e Maximizes the computations at the endpoints
and minimize intermediate results.

EVALUATION

e Achieve a high degree of parallelism while

o Utilizes the knowledge of the locations of the
minimizing the communication cost.
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independent subqueries.

Profiling Lusail by varying the query complexity, the number of endpoints, and the data size.

i Initial planning is based
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